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Application of support vector machines and least squares
support vector machines to heart disease diagnoses

YAN Wei-wu, SHAO H ui-he
(Department of Autom ation, Shanghai Jiaotong University, Shanghai 200030, China)

Abstract: Nonlinear classifiers algorithms of standard support vector machines ( SVM ) and least
squares support vector machines (LS SVM) are discussed and compared. Then standard SVM nonlinear
classifiers and LS SVM nonlinear classifiers are applied to heart disease diagnoses based on UCI
benchmark data set. Comparing with other result, high accuracy rate is obtained in the prediction.

Application of SVM and LS SVM to disease diagnoses indicates that SVM and LS SVM have potential
application in m edical.
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