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A Fast Incremental Learning Algorithm for Support Vector
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Abstract: A kind of algorithm for support vector machine (SYM ) is proposed, which can train SYM fast and
increnentally. The newv algorithm selects border vectorsw hich may be support vectors, < as to reduce training
sanples and advance training peed Then an increanental algorithm ispresented to train SYM by using the selected
border vectors Experiment results show that the algorithm not only acquirs the sane precision with that of the
classical algorithms, but al is faster than that of the classical algorithms
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