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Campound Deciding Network of New Structure Applied
to Sonar Target D etection

L iu Tao Zhang D ianzhi, Zhao X ueyun, L i Ying
(The Third Institute of A ir Force) (TheA ir Force College of Engineering)

Abstract To lve some knotty problem s in sonar target detection measures, a nav compound deciding
network model isproposed Thismodel isapplied to some complex recognition problem sof sonar target
and relevant algorithm is advanced The smulation results show that the nev network model has a
faster gpeed to converge, a higher recognition rate, and robustness It can retain the brain's sustained
learning ability and has the ability to provide judgement of reject
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