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Quick TrainingM ethod for M ulti- layer Perception
and ItsApplication

Song Yibin
(Y antai U niversity)

Abstract Based on themechanisn of multi- layer perception (ML P), amethodw ith adgptive learning
rate factors for the mprovement of BP algorithm ispresented The mproved algorithm isagpplied to the
learning process of the XOR question and some classifier. The smulation results show the presented

quick training algorithm can geed up the learning processof ML P, and mprove the learning properties
on oonvergence and robust performance
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