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Training Algor ithm for FNN Based on
a Classof Nonlinear Property

W ang L ing, Zheng D azhong
(T singhua U niversity)

Abstract To wlve the slow convergence of BP algorithm and avoid getting stick in local minima, a
general and smple training algorithm for feed- fomw ard neural networks(FNN ), naned BPM , which
combines a classof nonlinear property of momentun tem w ith the gradient descent of BP algorithm, is
presented U sing“ temperature- raising” strategy, convergence rate and training geed of the algo-

rithm are greatly mproved Simulation results verify the efficiency of such algorithm, and some conclu-
sions to choose parameters are provided
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