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Abstract A kind of M MO <ft sensing problamss is studied, w hich required predicting several indexes
of product quality in the hydrocracking fractionator smultaneously. Fuzzy ARTM AP and RBFN were
used to build theM M O product quality oft- sensing models RBFN was al® used to build the indi-
vidual M 10 oft- sensing models for each product TheM MO fuzzy ARTM A P- based models are
show n to be effectivemethods of ft- sensing modeling for practical gpplications
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