#15% %3

2000 4 5 F

Vol.15 No. 3 CONTROL AND DECISION M ay 2000

1 %‘[ g Wiener (=331
. y(0) = s(e) + 1) + &(1) (2.1)
Wiener As(t) = Ce(t), PMW1) = Ro(t) (2.2
’ ; y() R s(t) ()
[1- 3] 81)  RU,e() R o(1) R
. . ) O:> 0,0:.>0 (>0
Wiener Diophantine , o
4] ;A,C, PR g (g 's(t) = s(t-
— -y = -1
W iener 0l Diophantine 1)) ) X=X(qg )= Xo+ Xig
+ + Xn,tq_nx,Xi , Nx = deg(X)
Wiener Ao= Im, Po= Im,Im m><m
(MA) (y(e+ N).y(t+ N - 1), )
, s(t) Wiener s(t|t+ N),
Wiener . Wiener y(t+ N) ARMA
Dio- N=0ON>0 N<O, Wiener
phantine
(P,A) ,
N N1 S —]: -1
2 [ R AN G B pATi= A7'P (2.3)

Wiener

Rz ek FhHF
( 150080)

B AR B 18] B AT 7 v, R T £ @3 Wiener JER B X HH —MFHHE 7k, ©I4%
—HERE FEATHREE ETAEETIRES SR, FEA TFHYE T EHHRE.

% WM H I Wiener JEH 8, B %, A B E T 7| 247

0 211.64

New Approach to Multichannel Wiener Filter Design

Deng Zili, Guo Jinzhu, Sun Shuli
( Heilongjiang University)

Abstract Using the modern time series analysis method, a new time— domain approach to multichan-
nel Wiener filter design is presented- The computational burden is reduced. It can handle the filtering,
smoothing and prediction problems in a unified framework, and can handle nonstationary signals and
noises. A simulation example shows its effectiveness.
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