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Evolutionary Strategy Based Dynamic Recursive
Neural Network Modeling and Identification

Shi Tianyun, Jia Limin

(China A cademy of Railway Sciences)

Abstract The learning algorithm of the dynamic recursive neural network based on evolutionary strate—

and identification, integration

gy is presented, which realizes the evolution of netw ork construct, weights and selffeedback coefficient
automatic optimization design for the dynamic recursive neural netw ork.

of the dynamic recursive neural network together. The adaptive evolutionary method is also advanced.
Key words

T he identification algorithm integrating the forward evolutionary algorithm and improved BP algorithm

for the dynamic recursive neural network model is formed. The result of the applicatoin shows that the

advanced algorithm not only improves the learning speed and model precision, but also realizes the fully

evolutionary strategy, adaptive evolution, dynamic recursive neural network, modeling
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