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Abstract A fast construction method of fuzzy logic systems was presented and the optimization of pa—

rameters and structures of such systems was discussed. Some input/output data of the system to be ap-
proximated, which are uniformly distributed in the input space, were directly used to form the rules and

sion. T o obtain the given precision using the least rules. a new GA-BP hybrid learning algorithm and
method and the optimal algorithm are feasible and effective.

(FLS)

mem bership functions of the fuzzy logic system. Theoretic analysis shown that the fuzzy logic system
constructed using such method could easily approximate any bounded continuous system at any preci—
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the dichotomy were used to optimize the parameters. Numeral results shown that the fast construction
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