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Evolutionary Algorithms with Chaotic Mutations

Luo Chenzhong, Shao H uihe
(Shanghai Jiaotong University)

Abstract Based on chaotic theory § understanding on relationship between chaos and evolution,
chaotic mutation operator was proposed for implementing real-coded evolutionary algorithms. A new
strategy called “Shrinking > mutation strategy was also designed. Simulations with minimum function
optimization problems show that, chaotic mutation is an effective implementation of the mutation
operator.- And the “Shrinking”"chaotic mutation can dramatically improve the average individual fitness
and the performance of the evolutionary algorithm.
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