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WNNs “Approximate Ability and
Improvements of Thau Theorem

LiLi, Fang H uajing
(Huazhong University of Science and T echnology)

Abstract A novel approximate theorem of wavelet neural networks is presented at first. Then the
wellknown T hau theorem is improved and some practical extensive theories are got. Finally, based on
the extensive T hau theorem, akind of state observers for nonlinear systems using WNN is constructed.

Simulation results show the effectiveness of the WNN approximate theorem.
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