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Abstract

Neural Network Quality Model with High-dimension Inputs
for Production-line Products

Jia Let, Wan Baiwu, Feng Zuren

(Xi &n Jiaotong University)

inertia term is used in the training of each weight in case against the divergence of the algorithm. Some
complicated industrial production line.
Key words

An approach is discussed to establish quality model for complicated industrial process. It
presents a learning algorithm that each weight of BP neural network is trained individually. Large

3

crucial optimization methods are used to adjust the training step length of each weight. Compared with
usual BP training algorithm, this algorithm provides a better convergence rate and the obtained BP

neural network has a higher accuracy. An actual neural quality network model is established for a
mean square error method, gradient method, Newton-dike method

wavelet neural network, radial basis function neural network, BP neural network, least
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