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Dissolved Oxygen Predictive Control Based on
Fuzzy Neural Networks for Fermentation Process

Yin Ming, Zhang Xinghua, Dai Xianzhong
(Southeast University)

Abstract A fuzzy neural network predictor is introduced for dissolved oxygen (DO) in Lisoleucine
fermentation. T he table lookup scheme is used to generate the rules of DO predictive control from
fermentation input-eutput pairs. A fuzzy neural network is realized according to the generated fuzzy rules.
T he membership functions are adjusted and t he net structure is simplified after training the network. T he
simulation result shows that the predictor can optimize air flow and keep a good DO value
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