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Abstract The uncertainty of know ledge acquisition mainly results from two aspects- One is caused by

the limited discernibility of decisions in terms of condition atiributes. The other is originated from the
uncertain description of data. Rough set theory is compared with evidence theory and fuzzy set theory.
T hen the different descriptions of uncertain data are introduced. Rough set theory is extended to induce
modified approximations.

the reasonable decision rules from fuzzy decision table by introducing fuzzy discernibility matrix and
uncertainty, rough set theory, decision making, fuzzy decision table
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