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Based on Wavelet Neural Network

Multiple Attribute Decision Making Method and Application
Song Rushun

(Nanjing Normal University)
Abstract A weight assignment model is presented via wavelet neural network to improve the method

of multiple attribute decision making. This model makes the determination of the weight more objective
evaluation of industrial products shows the effectiveness of the method.

and accurate. Moreover, the model has the ability of selfstudy. An application to decision making
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