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Selfdearning Fuzzy Logic System
Based on Genetic Algorithm
Wang Honglun, Lu Qingfeng Tong Ming Gn

(Nanjing University of Aeronautics and Astronautics) (Northwestern Polytechnical University)

Abstract Genetic algorithm is introduced to the self dearning procedure of fuzzy logic systems. T he
structure of fuzzy systems based on genetic algorithm is presented, and the relevant realcoded genetic
operators such as duplication, crossover and mutation are defined- T hrough a modification to normal
population initializing method, the redundant parts of search space are reduced, the convergence speed

is increased. Simulation results show that the genetic fuzzy logic systems can study well from nonlinear

systems.
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