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Adaptive SlidingM ode Control for RobotM an ipulator s
Based on Neural Network

N IU Yu-gang, YAN G Chengwu, CHEN XueTru
(School of Pow er Engineering, N anjing U niversity of Science & Technology, N anjing 210094, China)

Abstract: A neural network-based adaptive sliding model controller isproposed for robot manipulators
This control scheme integrates the theory of V SS and the nonlinear mapping of neural network A key
feature of this schane is that the prior know ledge of the upper bound of the system uncertainties is not
required A RBF neural network isused to adaptively learn the unknow n bounds of system uncertain-
ties, and then theoutput of the neural network estimator isused to adjust the svitching gain This new
controller can guarantee the asymptotic convergence of the tracking error to zero.
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