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White Noise Wiener Deconvol ution Fil ters

DENG ZiHi, ZHAN G M ing-bo
(Institute of Applied M athematics, Heilongjiang University, Harbin 150080, China)

Abstract: Based on the autoregressive m oving average (ARMA) innovation model, the w hite noise W iener
deconvolution filters are pressented by using the modern time series analysis method. T he white noise
filtering, smoothing and prediction problems can be dealt with in a unified framework. They can be
implemented via the ARM A recursive filters and can be applied to data processing in oil seismic
exploration. Compared with the polynomial method and Kalman filtering m ethod, they avoid solving the
Diophantine equations and Riccati equations, so that the computational burden is reduced. A simulation
example for Bernoulli-Gaussian w hite noise deconvolution shows their effectiveness.
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