16 5 2001

Vol 16 No 5 CONTROL AND DECISION Sept 2001

9

: 1001-0920(2001) 05-0591-05

RBF

( , 100084)

RBF , )

’ ’ ’ ’

TP 18 TA
H idden-layer Redundancy M ethod of RBF Neural Networks

XU L i-gin, HU D ong-cheng
(D epartment of A utomation, T singhuaU niversity, Beijing 100084, China)

Abstract: A hidden-layer neuron redundancy architecture of RBF network ispresented Performances
of the network are analyzed under both single-fault and universal faults The performance of the net-
work under faults can be mproved significantly w ith this redundancy architecture Finally, apractical
method of redundancy of hidden-layer neurons to gain fault tolerance is presented Smulation results
show the validity of themethod
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