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Roll-learning algor ithm for fuzzy logic systan
based on genetic algor ithm

D EN G Jian-jun, XU L i-hong, WU Qi-di
(Department of Information and Control, TongjiU niversity, Shanghai 200092, China)

Abstract: A local optimization strategy ispresented as learningmethod for fuzzy logic system. It gener-
ates fuzzy rules from the input-output datapairs in a local area and trains the parametersof these rules
using differential evolution method To prevent from influencing the performance of fuzzy logic systeam
in adjacent areas, a technique using roll-updating dataw indow isused, w hich involvesnot only the data
in the current local area but al the data in neighborhood T hisalgorithm reduces the computation and
makes it possible to use genetic algorithm s in online-learning of fuzzy logic system.
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