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Abstract: A self-organizing neuro-fuzzy system based on two-stage clustering algorithm is proposed
Two-stage clustering algorithm coonsisting of the nearest-neighborhood clustering algorithm and
Gustaf on-Kessel fuzzy clustering algorithm w ith cluster validity criteria is used to partition the input-
output gpace Theoptimal number of fuzzy rules can be detem ined via fuzzy entropy as the criterion of
cluster validation A supervised schame is utilized for constructing more optimal fuzzy model Two si-
mulation results show that the proposed method can provide optimal model structure and paranetersfor
fuzzy modeling and possesses high learning efficiency.
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