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New method for diagonal recurrent neural networks
with local error-backpropagation

WAN G Zhen-lei, WAN G Jian-hui, GU Shu-sheng
(School of Information Science and Engineering, Northeastern U niversity, Shenyang 110004, China)

Abstract: A fast nev local dynamic error-backpropagation algorithm (LDBP) is presented for the
training of diagonal recurrent neural netwvorks(DRNN). This algorithm is based on the definition of a
nev local mean-squared error function The goproximation to a recurrent node has the smilar
oonstruction as the A daline (A daptive linear elanent). W hen the local desired outputs of the elenents
have been estimated, the DRNN can be decomposed into a set of node elenents that can be trained by
quadratic optimization methods The conjugate gradient (CG) method is used The simulation result
show s the advantages of the new algorithm.
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