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based on dynamical neural networks

YANG Jinvyong, JIA Ying-min

Abstract: Based on dynamical neural networks, a design method of adaptive observer for a class of
nonlinear uncertain systemsis developed. The effects of uncertain term and neural network
approximation error are well considered. A robust control term and weights updating laws are designed
to guarantee the performance of adaptive observer. The weights of neural networks are updating
ondine, and the offdine training phase is not required.
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