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Information entropy method of reliability second
approximate confidence limit for complex system

SUN You-chao
(Civil Aviation College, Nanjing U niversity of Aeronautics and Astronautics, Nanjing 210016, China)

Abstract: The test data of the parts or subsystems are converted into the equivalent test data of the
system based on the principle of the information quantity equivalence. T he basic formulae of entropy
method are presented for the exponential distribution system composed of successfailure parts or
subsystems. T he general models of entropy method synthesis assessment for system reliability second
approximate confidence limits are established. Examples are given to illuminate the application of the
models. Comparing with theresults of traditional methods, the models are valid and practicable and t he
assessment results are satisfactory-
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