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Support vector machines regression on-linemodelling
and itsapplication
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Abstract: The support vector machines theory is shown to have excellent performance compared w ith
other non-linear regression, such asneural networks Theproblenshow to select the kernel function,
loss function and control capacity, and < on, are discussed with simulation demonstration The
dynamic SYM regression modelling is applied to the processof greenhouse tamperature changew hich is
non-linear, tme-varying, dead-tme Themodel is smplified and the result of prediction is fine
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