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Prediction of chaotic tme ser ies based on
self-organizing map enbedded local models

ZHU Jia-yuan, YU Jian-fei, ZHAN G H eng-xi
(Engineering College, A ir Force Engineering U niversity, Xi'an 710038, China)

Abstract: A nen self-organizing map model with local linear models is presented, which is used to
predict chaotic time series The novel gproach fuses linear prediction and capabilities of the SOM
w hich isgood at clustering, visualization analysis and topology preservation The simulation show s that
the goproach achieves good results that reducemuch computation time and largememory requirament,
and al= it can adgpt characteristic variety of chaotic tme series throughout the feature gpace
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