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D ifferential game controller s design using neural networks

ZHOU Rui
(D epartment of A utomatic Control, Beijing U niversity of A eronautics and A stronautics, Beijing 100083, China)

Abstract: Based on the adjoint-backpropagation technique, wo point boundary value problem (T PBV P)
of differential ganes is ®lved using two neural networks The neural networks automatically adjust
their w eights to minimize and maximize the cost function of differential gane systen regpectively. The
converged neural networks can be used as the feedback optimal differential ganes controllers on-line,
avoiding olving the complex two point boundary value problen directly. The smulation results for
pursing-escaping differential ganesprove that the neural networks controllers present good robustness
w ith regect to initial conditions and measuring noise
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