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Target tracks association based on multi-resolution
wavelet transform and short-time fractal

XU Yu, JIN Yi-hui
(Department of Automation, Tsinghua University, Beijing 100084, China)

Abstract: Multivesolution wavelet transform is applied to analyzing the sensor tracks and extracting
the characteristics dynamically. The part of low frequency of the track data is used to describe the
outline and the high frequency is used to describe the details. The short—time fractal method is used to
identify the similarity of two sensor tracks. Both of above methods are combined to set up the criterion
of the sensor tracks at the same time. T he simulation results show this algorithm is effective to solve
the association problem of the sensor tracks.
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