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Abstract: The effects of the initial value of iterative learning control inputs to the convergence and stability are
discussed A n idea of acquiring these values based on the systen’ s control experience is presented At the sane
tme, three kinds of methods of getting these values—— linear weighted average, curve fitting and intelligent
methods, are given Smulation resultsof a robotic systeam show that the robotic systam can track the newv task with
less error at the first trial if the initial control input is chosen properly. So the trialsof learning is decreasing, and
the convergence and capacity of adgpting to the newv task and nev environrment are mproved
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