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Abstract: A fusion of PCA and KFDA for face recognition isdeveloped The algorithm includes two stages firstly,
the classical principal component analysis(C-PCA ) is enployed to condense the dimension of image vector Then
kernel Fisher discriminant analysis(KFDA ) is gpplied to the reduced dimension of training samples On this basis, a
more efficient method, called I-PCA + KFDA, isproposed Different from the previous method where C-PCA is
based on vectors, I-PCA is to exploits mage matrices to directly construct the mage total scatter matrix. The
experimental results on ORL face databases indicate that the proposed method ismore efficent than KFDA w hile
retaining the same recognition accuracy.
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