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Abstract: By adding gradient information to influence the update of velocities of the particles, a kind of particle
svam optimization (PS0) algorithm with gradient acceleration is proposed W hen the optimum information of the
svam is stagnant, some particles in the population are initialized again to reduce the possibility of trgoping in local
optimum. The soope of gpplication is al® discussed, and the result of computer smulation indicates that the m-
proved PSO ocould get better performance in one-peak functions and multi-peak functions
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