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Adaptive controller based generalized fuzzy hyperbolic model
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Abstract: Generalized fuzzy hyperbolicmodel (GFHM ) is a universal approximator and can be as the identifier of a
class unknow n nonlinear function A n adaptive controller based Generalized Fuzzy HyperbolicM odel isproposed for
a class of nonlinear discrete time system sw ith unknow n nonlinear function Based on the stability theory of L ya-
punov, this controller can be guaranteed the asymptotic stability of the closed-loop system. The smulation results
show the effectiveness of proposed adgptive controller.
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