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M ulti-optmum information programm ing based particle swvarm
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Abstract: The know ledge of multi-optimum distribution state is introduced into general progranm ing of the particle
svam moveanent to avoid falling into local optmums at the original stage of the computation The algorithm is
mproved based on the modified particle algorithm and used to optimize the multi-dmensional and multi-optimum
function Smulation results show that the general convergence character of the derived algorithm is better than the
results derived based on the modified algorithm.
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