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Abstract: A predictive control algorithm based on least squares support vector machines (L S-SYM ) model for a
family of complex system sw ith strong nonlinearity ispresented The nonlinear offlinemodel of the controlled plant
is built by L S"SYM w ith the radial basis function (RBF) kernel In the process of system operation, the offline
model is linearized at each sampling instant, and the generalized predictive control (GPC) algorithm is enployed to
mplanent the predictive control of the controlled plant The smulation results show the effectiveness of the
presented algorithm.
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