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Abstract: In order to improve online learning gpeed and accuracy of CMAC, an mproved OM A C neural network
model based on balanced learning concept is designed In the conventional M A C learning schene, the correcting
anounts of errors are equally distributed into all addressed hypercubes, regardless the credibility of those
hypercubes The proposed mproved learning gpproach uses the learned times of the addressed hypercubes as the
credibility (confidence) of the learned values T he correcting anountsof errors are proportional to the inverseof the
k-th power of learned tines The method provides high learning gpeed when k is the optimal value in the early
learning stage egecially.
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