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Smulated annealing approach based on hypothesis test for
stochastic optim ization problans
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Abstract: A ccording to the non-detem inistic property of stochastic optimization problans, a class of smulated
annealing agpproach based on hypothesis test is proposed In the goproach, reasonable estmated performance is
provided by multiple evaluations, and repeated search is decreased by hypothesis test The case of being trgpped in
local minmum can be avoided by jumping probability. The jumping ability can be adjusted by controlling the
tamperature The effects of hypothesis test, the performance estimation and the magnitude of noise on the

performance of the approach are studied, and the effectiveness and robustness of the proposed approach are
demonstrated
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