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Abstract: The detem ination of optimal SA parametersw ith Imited computation efforts is vieved as a stochastic
optimization problam, and then a systematic procedure based on ordinal optimization and optimal computing budget

allocation is developed to detemine the most reasonable paraneter combination Smulation results based on
scheduling benchmark s demonstrate the feasibility and effectivenessof the method
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OO0 OCBA ,
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1 & 2 '
N = 20000, no= 10,A= 10, T=
48 x 50 = 2 400 1 n m tox 10° L A
, 1 RecO1 RecOl 20 5 3 100 Q99 13541
, 1 Rec07 20 10 Q5 100 Q9 16834
: Recl3 20 15 Qs 30 Q9 21210
1, 48 Recl9 30 10 1 100 099 23595
: Rec25 30 15 1 30 09 28251
, Rec3l 50 10 1 150 Q95 34858
.2 Recd7 75 20 Q5 150 Q9 58440
1
3
n m tox 103 L A
n m to X 103 L A
RecOl 20 5 a5 150 Q99 13542
Re0l 20 5 05 150 Q99 13566
Rec07 20 10 Q5 150 Q95 16853
Rec07 20 10 Q5 150 Q95 16852
Recl3 20 15 Qs 50 Q99 21225
Recl3 20 15 Qs 50 Q99 21235
Recl9 30 10 3 100 Q99 23605
Recl9 30 10 3 100 Q99 23626
Rec25 30 15 Q5 100 Q95 2827 4
Rec25 30 15 Q5 100 Q95 28288
Rec3l 50 10 3 50 Q95 34838
Rec3l 50 10 3 50 Q95 34876
Rec37 75 20 3 150 Q99 58401
Recd7 75 20 3 150 Q99 5847 4
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