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Rational fraction multiplayer feed forward neural networks
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Abstract: A matheanaticmodel of rational fraction multiplayer feed fow ard neural networks isproposed A learning
algorithm for rational fraction multiplayer neural networksispresented The learning algorithm has the same degree
of computing complexity as traditional multiplayer neural networks The function goproximation is als discussed
Experiment result illustrates the effectiveness of the rational fraction multiplayer feed forw ard neural networks in
lving traditional problens
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M (xuu(k)) = exp[- 2X§1(k) 1.
M2 (x12(k)) = 1- M a(xu(k)),

1
1+ exp[- x22(k)]
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1
1+ exp(- 2x(k))’

M az(x3(k)) = 1- M us(xs(k)).
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Fax= [- Q0376 - Q 514 2],
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