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Abstract: A n adgptive mmune evolutionary algorithm isproposed based on the evolutionary principle in the mmune
system. Two new algorithm paranetersof expansion radius and mutation radius are defined to construct a snall and
a large neighborhoods, then the two neighborhoods are used to perform local and global search regectively, = that
two-level neighborhood search mechanisn is realized to ensure the global and local search cgpabilities of the
algorithm. The degree of diversity in population is defined and used to adjust the algorithm paraneters adgptively,
w hich mproves the performances of the algorithm. The algorithm isproved to be convergent The smulation res
ults show that the algorithm converges quickly, and has satisfactory cgpabilities of global and local search
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