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Rough support vector machine and itsapplication to wastewater
treatment processes

FAN X inwei, DU Shu-xin, WU Tie"jun
(N ational Key L aboratory of Industrial Control Technology, Institute of Intelligent System s and D ecision M aking,
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Abstractt A new classification algorithm named rough support vector machine (RSVM ) is presented based on
support vector machine (SYM ) and rough set theory. RSYM has high predictive classification accuracy w ith much
less attributes, which means less senors and less cost And it keeps certain redundant attributes to have high
predictive accuracy in the case of lost information caused by sensor fault RSVYM increases classification accuracy
w ith good generalization performance The numerical experments for a w astev ater treatment process show the
effectiveness of the proposed algorithm.
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