19 7 2004 7
Vol 19 No 7 Control and D ecision July 2004

: 1001-0920(2004) 07-0726-06

( , 210096)

: F201 DA
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Abstract: In order to avoid the pitfalls (such as incomplete information and N P hard problems) in the traditional
procedure of model selecting and combining from amodel base, a combination method based on model evaluation and
selection from a forecasting-model-base is proposed, on the principle of personnel scrutinizing method A Il models
that fit for the current forecasting problen are chosen and aparticipating model set iscomposed T he degreesof sat-
isfaction are assigned according to their forecasting precisions on different indices and endow ed w ith their corre-
gonding w eights A n experiment show s that themethod has a good forecasting efficiency.
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