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Abstract: It is mportant to study an accurate, smple and useful model for nonlinear predictive control Supporting
by mathematics theory, SYM R has a smple structure and nonlinear modeling properties SYM R show s excellent
perfomance compared w ith other non-linear regression, such as neural neworks So, the predictive control based
on SYMR ispresented The nonlinear systam process is given using SYM R based on anpirical data, and recede
optimization is obtained using GA. The demonstration show s that the predictive control has a good result for
nonlinear system.
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