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Abstract: Based on rough set theory and method, an algorithm for discovering personalized decision rules is designed
in order to find the rules which users really want The expounded algorithm oonsists of two steps First, the
attributesw ith less interest of user are elminated aspossible during reduction of attributes, and in thisway the best
reduct can be found Secondly, during reduction of attribute values, some irrelevant attributes are further
elminated, then abstractation of persnalized decision rules is accomplished The algorithm is proved efficient in
theory, and the results of experiment show the feasibility of this algorithm.
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R3:cyl: 6 weight: = medium=>mileage = medium
R4: size = compact cyl: = 4 fuelsys = 2BBL =

mileage: = medium
R5: sizet = compact weight: = medium =>mileage: = medium
R6: cyl: = 6 turbo: = EFI=mileage = medium
R7:weight: = low =>mileage = high
R8: sizet = subcompact=>mileage: = high

R9 cyl:= 4 trbo: = n fuelsys = EFl trans = manual=
mileage: = high
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9 s Family GA
FGA

A m h N Pm Apm Al A2 Zn Z

f1(x) a1 8 10 40 Q0001 Q9 01 Q02 02 Q42 Q49

f2(x) Q 15 8 10 40 Qo001 Q9 a1 Q 02 Q2 Q 42 Q 49

fa(x,y) Q2 6 10 40 Q0001 Q9 a1 Q 02 Q2 Q 42 Q 49

fa(x,y) Q1 8 8 40 Qo001 Q9 a1 Q 02 Q2 Q 42 Q 49
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