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Abstract: Based on the analysis of any factors that affect the performance of genetic algorithm, a novel genetic
algorithm (Family GA) ispresented In this algorithm, election operator and mutation operator are redesigned in
order to increase the convergent peed and avoid premature phenomenon A nd the optimum wlution family around
quality individuals is constructed at the same time Continuous search is done in thismicro-pace So the convergent
geed of the algorithm and accuracy of the olution can be affimed Four typical function tests are given The result
indicates that there ismuch mprovement in the gpeed of convergence and the accuracy of the optimal lution
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FGA

A m h N Pm Apm Al A2 Zn Z

f1(x) a1 8 10 40 Q0001 Q9 01 Q02 02 Q42 Q49

f2(x) Q 15 8 10 40 Qo001 Q9 a1 Q 02 Q2 Q 42 Q 49

fa(x,y) Q2 6 10 40 Q0001 Q9 a1 Q 02 Q2 Q 42 Q 49

fa(x,y) Q1 8 8 40 Qo001 Q9 a1 Q 02 Q2 Q 42 Q 49
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