20 10 2005 10
Vol 20 Na 10 Control and D ecision Oct 2005

: 1001-0920(2005) 10-1197-04

PID Elman

( , 430072)
Eiman , PD Eiman
, Eiman PD Elman
) , PD
; PD Elman ;
: TP273 A

PID Elman Neural Network and Its Application to Dynam ical
Systan Identif ication

QI Weimin, CH EN G Yuan-chu, JI Qiao-ling, CA | W ei-you
(College of Power and M echanical Engineering, W uhan U niversity, W uhan 430072, China Correspondent: Q |
W eimin, Email: gvm. gvm @163 com)

Abstract: A modified Eiman dynamic recurrent neural network is introduced first A PD Elman neural network and
its learning algorithm are discussed in detail Elman network and PD Elman network are used to identify the
dynamical system, regectively. Simulation results based on ideal mathematical model and industrial model show
that the PD Elman network isprior to themodified Eiman network in identification of nonlinear dynanic systens
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