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Abstract: In order to mprove the trustiness and accuracy of asciation rulesmining, the asociation rulesmining is
reduced to themulti-step decision process, and an optimal strategy isproposed based on dynanic progranming The
eguation of state and optimal value function used to achieve the optimal strategy is figured out through the analysis
of conditional probability of the process The strategy is realized placidly and easily, without the computation of
conditional probability in each step. The expermental results show that themining based on dynamic progranm ing
is superior to traditional increnental updating algorithm s for mining asociation rules
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