20 11 2005 11
Vol 20 Na 11 Control and D ecision Nov. 2005
: 1001-0920(2005) 11-1261-04
1,2 1 2
(1 , 710049; 2 , 213001)

’ i ’

: TP18 CA

Cluster ing Algor ithm Based on Clone Selection Theory

LUO Yin-sheng“? L | Ren-hou’, ZHAN G W ei-xi’

(1 Institute of Systen Engineering, Xi'an Jiaotong U niversity, Xi'an 710049, China, 2 Department of Electrical
China

and Information Engineering, Jiangsu Teachers U niversity of Technology, Changzhou 213001,

Corregpondent: LUO Yin-sheng, Email: yishluo@shu com)

Abstract: Based on clone selection theory and typical partition clustering approach, a nev clustering algorithm is
proposed The algorithm is cagpable of completing clustering of datasetsw ith arbitrary shape, and acquiring the
number and description of clusters Besides, the algorithm has snaller computational cost, and the parameter can be

set easily. The algorithm
expermentsw ith wo simulation datasets and three benchmark datasets show the effectivenessof the algorithm.
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