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Abstract: A concept of partial derivative called pseudo-partial-derivative (PPD) is used to dynamically linearize a
nonlinear systen, and an aggregation method is gplied to deal w ith the future predictive PPD. Then, an adaptive
predictive functional control algorithm is presented The design is based directly on PPD derived online from the
input-output data, and the given algorithm al® provides the bounded input-output sequence and tracks setpoint
w ithout steady-state error. Smulations for the time-delay plant and the pH neutralization experiment of the chemical
reaction process show that the proposed method is efficient for the systan parameters perturbation and external
disturbance
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