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Abstract: An improved least square - support vector machine(L S"SVM ) regression method isproposed to overcome
the drav back that all theoriginal learning samples are in theL S-SYM model By the learning errorsof theL S-SVM
model, most sample pointsof snall errors are deleted from theoriginal sanple gace, and thus the garsenessof the
L S-SYM isobtained Based on the proposed L S-SYM method, a =ft sensor model is built to estmate the product
concentration of the penicillin fementation process The experiment show s that the proposed L S-SVM is of the
garseness characteristic, and a novel procedure is provided for the realtinemonitoring of quality variables, w hich
are hard to measure on-line in fementation processes

Key words Soft sensing; L east square- support vector machine; Fementation process Penicillin concentration
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