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Abstract: Support vector machine (SYM ) has recently been proposed as a new effective learning machine for
classification of renote sensing mages However, SYM often requires expensive design phases to choose adequate
model parameters to attain high classification accuracy. A real-coded genetic algorithm (RGA ) is used to
automatically detem ine the model paraneters for SYM , aming at expediting the model selection process in SYM
design w ith optimal generalization perfomance Compared with the commonly used trial-and-error method, the
proposed method is easier to mplenent Furthemore, the generalization of the RGA -based SYM is much
mproved Experimental tests conducted on targets classification of 2-value renote sensing mages demonstrate that
the proposed gpproach can conduct automatic model selection with low error while providing significant savings in
tme
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